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[1] Transformers are RNNs: Fast Autoregressive 
Transformers with Linear Attention
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[1] Linear Transformers Are Secretly Fast Weight Programmers

[2] Parallelizing Linear Transformers with the Delta Rule over Sequence Length
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[1] Test-time regression: a unifying framework for designing sequence 
models with associative memory
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[2] Test-Time Training with Next-Token Prediction
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